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Overview
• Analyses were with data from spring 2024 administration; output is based on data sets shared before 12/31/24

• Analytic foci include:

• Index score distribution patterns (by indicator missingness pattern, subgroup, and designation)

• Indicator score distribution patterns (by subgroup and designation [raw vs. scored])

• Indicator weights analyses (policy vs. estimated weights by indicator missingness pattern)

• Correlations among indicators (by indicator missingness pattern)

• Purpose/ Uses:

• Understand performance differences amongst schools with different designations

• Understand performance differences amongst subgroups

• Understand the impact of scoring on indicator and index distributions

• Understand the informational value of different indicators
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TAC Questions
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● What insights or questions do the analyses raise regarding the technical properties 
of the school accountability system and/or school support initiatives?

● What are the implications of these analyses on future design decisions?

● What additional steps should ISBE prioritize to further monitor, document, and 
evaluate the accountability system? 
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Data Structure
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Data Structure

From three merged data files:

- indicator score file
- public designations file
- public master file, general tab
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Designations
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https://www.isbe.net/Documents/IRC-2024-Improvement-Accountability.pdf 
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Designations
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All following analyses are based on these 3,757 schools.
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Composite Index Distributions

Global, by Designation, by Subgroup
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Frequency percent computed within school type
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# schools for which a subgroup 
index is computed
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# schools for which a subgroup 
index is computed
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Findings
Designations

• For HS, there are more Commendable but also more Intensive schools than for ES

• For ES, there are more Target and Comprehensive schools than for HS

Distributions

• Index scores are more spread out and more negatively skewed in HS than in ES

• Index scores are least variable overall within the Intensive, Comprehensive, and Exemplary groups in HS

• Index score distributions are overall very similar for the Comprehensive and Intensive groups

• Index score distributions follow the expected trends in terms of separation but also show some overlap

• The lowest 25% of Commendable schools have index values of the same magnitude as Target schools in HS and even more in ES

Subgroups

• For ES, Former ELs and Asians have higher mean index scores and score distributions than other subgroups

• For HS in particular, Black/AfrAm, CWDs, and ELs have lower mean index scores and score distributions overall than other groups

15

https://creativecommons.org/licenses/by/4.0/


Indicators Distributions

by Designation [Scored Values]
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ELA Proficiency

Even though ELA Proficiency values exist in ES, they were not included in the data set and are thus omitted
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Math Proficiency

Even though Math Proficiency values exist in ES, they were not included in the data set and are thus omitted
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ELA Growth
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Math Growth
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Science Proficiency

Even though Science Proficiency values exist in ES, they were not included in the data set and are thus omitted
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ELPtP
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Chronic Absenteeism
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Climate Survey
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Graduation Rate
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Freshmen on Track
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Indicator Distributions

by Designation [Raw vs. Scored]
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ELA Proficiency
(Raw vs. Scored, HS Only)

Computation

0 ≤ (%ELAProf / %ELATargetProf)  < 1      ((%ELAProf / %ELATargetProf)*100) Points 
(%ELAProf / %ELATargetProf)  ≥ 1      100 Points

Even though ELA Proficiency values exist in ES, they were not included in the data set and are thus omitted
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ELA Growth
(Raw vs. Scored, ES Only)

Computation

MeanSGP ≤ 28 0 Points
28 < MeanSGP < 73 (MeanSGP*2.22 – 62.22) Points
MeanSGP ≥ 73 100 Points

28%

73%
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Math Proficiency
(Raw vs. Scored, HS Only)

Computation

0 ≤ (%MathProf / %MathTargetProf) < 1 ((%MathProf / %MathTargetProf )*100) 
Points 
(%MathProf / %MathTargetProf)  ≥ 1 100 Points

Even though Math Proficiency values exist in ES, they were not included in the data set and are thus omitted
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Math Growth
(Raw vs. Scored, ES Only)

Computation

MeanSGP ≤ 28 0 Points
28 < MeanSGP < 73 (MeanSGP*2.22 – 62.22) Points
MeanSGP ≥ 73 100 Points

28%

73%
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Computation

0 ≤ (%SciProf / %SciTargetProf)  < 1 ((%SciProf / %SciTargetProf)*100) Points 
(%SciProf / %SciTargetProf) ≥ 1 100 Points

Science Proficiency
(Raw vs. Scored, HS Only)

Even though Science Proficiency values exist in ES, they were not included in the data set and are thus omitted
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ELPtP
(Raw vs. Scored)

Raw and scored values are identical
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Chronic Absenteeism
(Raw vs. Scored)

Computation

0% ≤ ChronicAbsent < 50%           (100 – ChronicAbsent*2) Points
ChronicAbsent ≥ 50%           0 Points

50%

50%
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Climate Survey [Participation]
(Raw vs. Scored)

95%

95%

Computation

0% ≤ ClimateSurvey ≤ 50%           0 Points
50% < ClimateSurvey < 95%          (ClimateSurvey*2.22 – 111.11) Points
ClimateSurvey ≥ 95%           100 Points

50%

50%
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Computation

0% ≤ GradRate ≤ 66.667%           0 Points
66.667% < GradRate < 93%           (GradRate*3.7975 – 253.16456) Points
GradRate ≥ 93%           100 Points

Graduation Rate
(Raw vs. Scored, HS Only)
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Computation

0% ≤ OnTrack ≤ 67%           0 Points
67% < OnTrack < 100%           ((OnTrack – 66.6)*3) Points
GradRate ≥ 67%           100 Points

67%

Freshmen on Track
(Raw vs. Scored, HS Only)
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Indicator Distributions

by Subgroup [Scored Values]
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ELA Proficiency
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Math Proficiency
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ELA Growth
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Math Growth
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Science Proficiency
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ELPtP
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Chronic Absenteeism
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Climate Survey [Participation]
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Graduation Rate
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Freshmen on Track
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Indicator Distributions

by Subgroup [Raw vs. Scored]
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ELA Proficiency
(Raw vs. Scored, HS Only)
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Math Proficiency
(Raw vs. Scored, HS Only)
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ELA Growth
(Raw vs. Scored, ES Only)
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Math Growth
(Raw vs. Scored, ES Only)
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Science Proficiency
(Raw vs. Scored, HS Only)
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ELPtP
(Raw vs. Scored)
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Chronic Absenteeism
(Raw vs. Scored)
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Climate Survey [Participation]
(Raw vs. Scored)
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Graduation Rate
(Raw vs. Scored, HS Only)

https://creativecommons.org/licenses/by/4.0/


59

Freshmen on Track
(Raw vs. Scored, HS Only)
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Indicator Relationships & Weights
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Analyses
Goals

• Determine the indicator missingness patterns in the data

• Evaluate the relationship between these patterns and index score distributions

• Evaluate the bivariate relationships amongst indicators as well as index score via correlations

• Compare the policy weights with estimated semi-partial correlations to inspect impact of multicollinearity

Notes

• Results are presented for elementary school first, high school second 
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Policy Weights
(Elementary Schools)
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Index Score
(Elementary Schools)
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Estimated Semi-partial Correlations vs. Policy Weights
(Elementary Schools)

Deviations of estimated weights from policy weights are a reflection of the multicollinearity amongst predictors

Pearson’s r for ELA Prof and Math Prof = .84 [Model 1]
Pearson’s r for ELA Prof and Math Prof = .92 [Model 5]
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Correlations (Elementary Schools) (I)

r > .90 r > .65
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Correlations (Elementary Schools) (II)

r > .90 r > .65
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Correlations (Elementary Schools) (III)

r > .90 r > .65
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Lower composite weight

Lower composite weight

Higher composite weight

Elementary Schools
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Policy Weights
(High Schools)
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Index Score
(High Schools)
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Estimated Semi-partial Correlations vs. Policy Weights
(High Schools)

Deviations of estimated weights from policy weights are a reflection of the multicollinearity amongst predictors.

Pearson’s r for ELA Prof and Math Prof = .966, 
other prof corrls also > .80 [Model 1]
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Correlations (High Schools)

r > .90 r > .65

https://creativecommons.org/licenses/by/4.0/


73

Lower semi-partial correlation 

High Schools
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Findings
• Indicator correlations are generally highest for expected pairings such as:

- proficiency variables with one another
- chronic absenteeism and proficiency variables
- graduation rate and proficiency variables
- freshmen on track and proficiency variable

However, strength of correlations depend notably on sample of schools.

• In elementary schools, ELPtP and Climate Survey have the lowest correlations with other variables (r < .30 
generally). For the Climate Survey, this is due to many schools getting the maximum score. 

• For high schools, model 1 reveals strong multicollinearity issues (esp. for ELA and Math proficiency), resulting 
in differences between semi-partial correlations and policy weights for several variables.

• For high schools, schools that have complete data or that are only missing ELPtP information are 
outperforming other high schools with other missingness patterns.

• For high schools, composite weights are very similar to policy weights while for elementary schools there are 
notable differences for ELA and math proficiency variables and chronic absenteeism
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Other Graphics (Parked)
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